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Y cywacny enoxy mudpoBoi TpaHchopmarii mpobdlieMa MONIUPEHHS
nesiadopmartii Ta pelikoBUX HOBUH HaOysa rio0anbHuX MacmTadiB [2]. Benudesnuii
o0CAT KOHTEHTY, II0 TEHEPYETHCA B COIIaIbHUX MEpEeXax Ta OHJIaH-Memia, poOUTh
pyuny mepeBipky ¢akTiB (fact-checking) wamoedexTuBHOIO. ABTOMaTHYHA
Kiacudikaiis HOBHH 3a JOMOMOror mrydHoro iHrtenekry (IHI) crae kputudHO
BOKJIMBUM IHCTPYMEHTOM JUTsI MATPUMKH 1HGOPMAITIHHOT O€3MeKH Ta MeiariricHu.

TexHomnoriss aBTOMaTU4YHOI Kiacudikaili 0a3yeTbcs Ha MeTolax OOpoOKHU
npupoHoi moBu (NLP) ta mammunoro HaBuands (ML). IIponec anamizy 3a3puyait

BKJIIOYA€ TPU OCHOBHI €Talu: MOMEpPE/IHI0 OOpOOKY TEKCTy, BHJIYUYEHHSI O3HAK Ta
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kinacudikaiito. [Tonepegns oOpodka nepeadavae TOKeHi3alli0, BUAAICHHS CTOIM-CIIIB
Ta JIEMAaTHU3aL1I0, 10 JO3BOJISIE 3SMEHIIUTH 1H(GOpMaLiiHMil mym [1].

Jlist BusiBieHHs (peHKOBOTO KOHTEHTY anroputMmu LI opieHTyr0ThCS Ha KUIbKa

TUIIB O3HAK:
~ JIHTBICTUYHI (CTUJIICTUKA, EMOIIHHICTh, MAHIMYJISTUBHICTBD);
~ KOHTEKCTYyaJlbH1 (JIKepelo, aBTOp, MeTajaHi1);
~ CTPYKTYpHI (aHaI13 MOMMPEHHs 1HQopMaIlii B Mepexi).

Hns  kimacudikailii  3aCTOCOBYIOTBCSI  SIK  KJIACM4YHI MeToAu  (HaiBHUU
OaileciBchkuil kiacudikarop, SVM), Tak 1 cydacHl HeWpOMeEpe:KeBl MiJIXOJIH.
Haii6inbi eextuBHuMu € moaeni-tpanc@opmepu, 30kpema BERT 1 RoBERTa, siki
JI03BOJISIIOTH BPaXOBYBAaTH KOHTEKCT 1 CEMAaHTUYHI 3B’ I3KU MiX cjoBamu [4].

Opniero 3 xkmoyoBux nepesar LI € MOXIHMBICTh aHAI3y B PEKHUMI PEAIbHOTO
qacy, 110 J03BOJIsiE€ BUSBIATH (PEHKOBUI KOHTEHT /10 HOTO MacoBOTO MOMUpPEHHS [3].
Kpim Toro, Bukopuctanus Explainable Al (XAl) nae 3Mory nosicHIOBaTH pe3yJbTaTH
Kkiacudikarii, migBUIYIOYH T0BipY 10 cucteM [1].

Bognouac aBroMaTtuuyHa Kiacuikailis CTHKAETBCS 3 HU3KOK MPOOJeM.
30KkpeMa, CIOCTEpIraeTbCcsd  TOCTIMHE  BJOCKOHAJIEHHS  METOMIB  CTBOPEHHS
nesiadopmaritii, mo GopMye eheKT «rOHKH 030pO€HB» MIK CHCTEMaMH 3aXHUCTy Ta
3noBMUCHUKaMU [2]. Tako CKIaJIHUM 3aliMIIAE€ThCS PO3MEKYBaHHS CATUPU Ta
HAaBMHCHOI Ae31H(popmMaIrii.

OT1xe, aBTOMaTH3allisl BUSBICHHS (DEHKOBUX HOBUH € HEOOXITHOIO CKJIaJIOBOIO
cydacHoi kibepOe3neku. [ToemHaHHS TEXHOIOTIH MITYYHOTO IHTEIEKTY 3 €KCIIEPTHOIO

OI[IHKOIO JTIOAMHM 3a0e3neuye epeKTUBHUM MiIXij 10 TPOTUIIL Ae3iH(opmairii.
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The presented work is dedicated to question classifications behavioral states
participants based on analysis multimodal data from sensors. This study was
implemented within the framework of a specialized English-language Python
programming course [1]. A feature teaching was full integration technical English
languages in education process: from study documentation machine learning libraries
for communication with teachers and colleagues exclusively in English in the language
for discussion architecture models and results experiments [2].

Development technologies Internet of Things and mobile devices allows collect
big volumes data that much increases efficiency monitoring human activities in
medicine, sports and security systems. At the same time complexity structures sensory
data creates new challenges in the field processing information and recognition
patterns.

In the conditions work on the project «<CMI — Kaggle Competition» an analysis
was conducted sequences data obtained from accelerometers, sensors rotation and
time- of-flight (TOF) sensors. Main task was to predict four types behavior: execution

gestures, movement towards the target, holding the hand near goals and state of rest

3]
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